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“HEDGING YOUR BETS” 

"It's really stupid and embarrassing to keep 
pleading with a slot machine as if it were alive 
and could actually hear me. I'd stop doing it but 
I'm afraid I'll make it angry and it won't give me 
a win." 

--Terrance ‘VP Pappy’ Murphy 

A means of protection against something, 
especially guarding against financial loss 

Webster Dictionary 
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Goals  (Policy & Practices Context) 

1. Background (Evidence Base) 

2. Market Changes 

3. Benefits and Limitations  

4. Identification versus Prevention 

5. Next Steps in Risk Detection & Management 

 

  
To provide you with enough information to 
weigh in on the debate  
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Unique Convergence:  RG & Behavior Analytics: 
• 1989 Studying general gambling behavior and working with large 

transactional/loyalty databases  

• 1991 Conducted first adoption studies for introduction of vlts/egms 

• 1999 Simulated machine data building first models for assessing impact 
of changes in machine characteristics on play behaviors,  

• 2001 Developed program identifying problem gamblers on-site Casino 
de Montreux (Swiss Class A Gaming License) 

• 2001-2004 Evaluated impact of RG features on machines re player risk 

• 2003-Analysed first casino gaming database for risk identification  

• 2004- Developed multi-cue detection for identifying problem gambling 

• 2005- Developed first commercial algorithms for identifying high-risk 
implemented in casinos in Saskatchewan Canada 

• 2007- 2013 Developed & tested sets of commercial risk identification 
and customer retention models for various operators around world 

• 2013-14 Developing universal algorithms for cross jurisdiction use (NRC) 
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Why now?  Gaming Market is Changing  
 • State of Transition – Poised for growth  

• Constrained by increasingly precautionary 
regulatory environment  

• Opportunities for innovation and expansion 
contingent upon regulatory compliance 

• Increased competitive pressure from the 
remote and online gaming markets 

• Demand for new gaming platforms, server-
based gaming options in order to evolve 
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What is Player Tracking Data? 

• Player transactional and behavioural data 

• Membership in a loyalty program 

• Typically card-based 

• Used for marketing 
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The Sixty Most Important Things I've 
Learned About Playing Slot Machines  
By Terry Murphy VP Pappy  http://casinodetroit.net/casjul04.html 
  

#50.  One of the most important things you can 
do to get something back of value from a casino, 
is to join their slot or player's club. 
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For Example: Player Incentives (USA) 
Estimates) “Only one industry spends more on direct marketing 
and customer incentives than casinos…..” 

Randy Fine, Fine Point Group, Las Vegas 
December 10, 2013, RG Forum Toronto   

• On average, 25¢ of every $1 of revenue spent on 
advertising (Ranges from 2¢ to 50¢ per $1)  

• On average, 85% of total advertising budget direct 
marketing/incentives 

• Mostly direct mail  

• Average high-level client receive 100 pieces per 
year  

 

 



April 4, 2014  

Types of Player Incentives 

Two primary types of player incentives 

• Rewards -To reinforce behavior 

• Offers -To shape behavior 

 

But… 

Without a reward program (player tracking)  
can’t give them offers 



April 4, 2014  

Example: Harrah’s Total Rewards Program™ 
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Offers – Direct Marketing 
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Customer Awareness 

• Loyalty – Guaranteed to each member 

• Database Marketing – Offers and incentives 

– Communicated but not told ‘why’ 

– Promote positive behavior for the casino 

• Discretionary Comps   

– Invisible not communicated  

– Not available to all members 

 

 

 

 

 

 

 

 

 

 

 

 

• Incentive-based safeguards 
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Current Regulatory Climate 
• Holland- (October 2013) online expansion tied to display of 

playing time and spend warnings, offer a gambling addiction test 
and monitor a player profile to limit the gaming time and the 
money put in. 

• France:  (July 2013) Regulatory changes recommended to prevent 
online gambling addiction… keep records of player activity in 
order to identify compulsive gambling. 

• USA – Seeking legalisation of online among traditional operators 
yet restriction of remote 

• UK 2005 Gambling Act and Code of Practice,  2012/13 includes 
use of technology for identifying and monitoring risk. 

• NZ - Gambling Act 2003 (section 3) (Gambling Commission New 
Zealand, 2007) requires identification and assistance, June 2013 

• August 2013 Ontario Lottery announced plans to incorporate Risk 
ID into its 27 casinos. 
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Change is Escalating (Example UK) 

• New initiatives announced, (e.g., Association 
of British Bookmaker’s new Code of 
Responsible Gambling and Player Protection. 
Including commitment to undertake more 
consistent central analysis of data to identify 
abnormal activity (ABB, 2013).  

• Regulatory interest in using industry 
centralised data (e.g. UK Gambling 
Commission using Bookmakers data) 
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‘Responsibility’ in Responsible Gambling 
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“Technological advances over recent years mean that 
operators can now monitor play and identify high risk 
gambling behaviour, enabling them to respond to those 
players appropriately. But if they wish to continue to grow 
and innovate to provide safer gambling options, the 
gambling industry must build confidence with the wider 
public by demonstrating that operators take full ownership 
of the licensing objectives.” 
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UK Gambling Commission 
“Thank you for your letter of 5 June 2013.  

You wrote to us regarding whether and how the Gambling 
Commission (the Commission) would like the industry to apply 
social responsibility safeguards where the individuals concerned 
are the subject of suspicious activity reports (SARs) or are in 
some other way linked to anti-money laundering 
(AML)/Proceeds of Crime Act 2002 (POCA) concerns”…. 

Concerns Expressed: 

1. In some undefined way, the pattern of gambling of a suspected 
money launderer will be the same as that of a problem gambler. 

2. The procedures applied to the protection of vulnerable people 
and in particular those suspected of being problem gamblers, 
should or ought to be applied to customers who have been the 
subject of SARs.  
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Clarity on Responsibility…. 
“Given that operators have the responsibility to ensure that 
gambling is being provided in a responsible and crime-free manner, 
they should carry out necessary enquiries and assessments which 
help them in fulfilling that role.  

Whilst the conclusions drawn and actions taken will possibly differ 
according to whether money laundering and/or social responsibility 
risks are identified, we believe that the effective identification and 
management of these risks rests upon the ability of operators to 
have a comprehensive knowledge of their customer relationships 
and for managers to be clear on their responsibilities. 

I trust that this is helpful in giving you more clarity on these 
matters.” 

Director, Regulatory Operations 
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Uncertainty in Practice 
• Little information or consensus about how to achieve 

the regulatory objectives,  

• Few commercial systems are available and unable to 
comparatively assess,  

• Minimal definitive research publicly available as to 
the performance of these proprietary risk-tracking 
systems  

• Player data and associated behavioral analytics are 
highly proprietary and protected business 
intelligence rarely if ever available in the public 
domain.   
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Current Approaches for Risk Identification  

• Primarily based on self identification or treatment 
populations 
– Self selection bias 
– Updates the model but not applied to the full player base 
– Underlying assumption that indicators of problem 

gambling are the same in every market (theoretical risk 
indicators) 

• Developed for specific markets (online, lottery product, 
government operated versus private) 

• No standards for assessing or demonstrating 
compliance or model performance  
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Development of Risk Management System 

• At the heart of these detection and 
management systems are a set of advanced 
highly accurate predictive models (i.e., 
complex algorithms) that are ‘always on’ 
monitoring player tracking data to identify 
certain targeted behaviors so that appropriate 
actions can be triggered.  
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KEY PLAYER TARGETS: 
(Focal Detection Algorithms) 

• High Risk and Problem Gamblers 
(Risk ID Models) 

• Low Risk Gamblers                    
(Low Risk Models) 

• Money Launderers (AML Models) 

• Gambling with Misappropriated 
funds (MF Models) 

• Cheating 

• Churners/Defectors (Customer 
Retention Models) 
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HOW DOES IT WORK?  
 • Use available tracking data and machine data to identify 

playing patterns for key player targets, 

• Create variables (behavioral indicators & outcomes) that 
in theory are linked to the target (dependent variable),  

• Build and test model (using ‘gold standard’ ) to assess 
accuracy and reach, 

• Install model for specified player database then monitor 
and report on outcomes ,  

• An ‘alert’ is activated when a customer triggers on 
criteria for the targeted behaviour (high probability of 
falling in target group) 
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So simple…. 

 

“For every complex problem there is a simple 
solution... and it is wrong”  H.L. Mencken  
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Example: Stages in Building a High-
Probability High-Risk Model  

Level 1 

• High Tier Model (VIPs) 

• Detects high-risk playing patterns  (Top Customers)  

Level 2 

• Mid Tier Model (Moderate to High Spenders) 

• Detects high-risk playing patterns (Mid Customers) 

Level 3 

• Low Tier Model (Lowest Spending Segments) 

• Detects high-risk playing patterns (Bottom Customers)  

Level 4 

• Low-Risk Models 

• Those displaying low to no-risk gambling patterns  
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Example Model 

High Probability High Risk  

Risk Unknown 

High Probability Low Risk 
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Model Optimization (How to bake a pie) 

• Can only use the available data in the data set 

• Different data produce different models both 
of which can be equally effective in achieving 
goals but will look different 
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KEY FACTOR – VARIABLE CREATION 
• Create variables based on Loyalty Tracking Data 

– Behavioral variables (i.e. Independent variable) used 
should have valid values over the life expectancy of the 
model. 

– Variable creation process uses evidence-based research 
and theory (e.g., chasing losses, time of day played) but 
can only use the data available. 

– Among regular players frequency and spend are 
relatively poor predictors on their own 

– Must be multiple variables to capture the whole range 
of possible behaviors operationalizing theoretical risk. 

– 80% of variables in Focal’s Models are behaviorally 
based  



April 4, 2014  

Sample of Typical Loyalty Data 

• MID 
• Start date 
• Start time 
• End date 
• End time 
• Machine ID 
• Machine Name 
• denomination 
• bets 
• wins 
• losses 
• Theoretical loss 
• Games (pulls) 
• bonus 

Per Machine Session 

For example: 

–Number of 
Machines played 

–Percent of total 
session time spent 
on machines 

–Rate of betting on 
machines 

–Day of week and 
time category 
started session 

Machine Session 
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Complex Behavioral Cues 
• Variables are then used to create behaviour cues 

(e.g., betting at a rate of $50-$100 per hour + playing 
during 9 am to noon).   

• Final models can have 300+ different sets of multi-
item cues.   

• The more cue sets a player triggers the higher their 
score & greater the certainty the member is at high-
risk. 

• Permits capture of 1000’s of multi-cue sets to use to 
increase the sensitivity of detecting risk that can be 
expected to vary between member customers 
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Assessing Model Performance 

Two Key Performance Metrics 

• Reach  

– Percent of target identified 

– True Positives versus False Negatives 

• Accuracy 

– Percent of those identified that are in the target 
group 

– True Positives versus False Positives 

 

 

 

 

Typically, as Reach goes up Accuracy declines and vice versa 
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Accuracy Rates 
• The level of accuracy for identification rates (i.e., thresholds) 

can be adjusted for different purposes       

• The more accurate you are the fewer people identified.   

• For personal interactions there needs to be high certainty 
before approaching these customers  

• Marketing efforts may not require the same precision and it 
is more important that you don’t reach any possible 
problem gamblers if offering a special promotion.  

• For our current models identifying high-risk, 90% or more of 
customers identified will also score at high-risk for problem 
gambling using standardized risk with 98% at some level of 
risk. 
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Model Implementation (Determined by 
operator & market needs) 

• Identification of risk for problem gambling can be  

– Customer access only,  

–  Staff access only,  

– Combinations of both.  

 

• There are two levels of possible risk identification; 

– Voluntary use (‘seatbelt’) players and/or staff choose use 
feature to check on personal risk or play patterns  

– Involuntary use (‘airbag’) that is always on and alerts 
customers and/or staff when someone is triggering for 
high-risk gambling.   
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July 2008 

Conclusions: What we know so far… 
• Tracking data can be used effectively to identify playing 

patterns that are reasonable predictors of  risk  for 
problem gambling. 

• The identification and accuracy rates produced by 
behavioural models developed using the tracking data 
are measurable, able to be consistently and objectively 
applied independent from subjective observation.  

• The design of the models are easy to use and to adjust 
to meet specific market needs, preferences or changes 
over time. 
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• Just because someone doesn’t trigger on a high-risk 
model doesn’t mean they aren’t at risk.  You need a 
separate “Low Risk” model to detect these risk-free 
players.  

• By selecting specific behaviour combinations it is 
possible to set different thresholds for identification 
rates in order to target specific player segments (e.g. 
problem gamblers versus at-risk gamblers or patrons 
engaging in high risk behaviours).   

• Targeted identification can assist in linking or 
matching a particular intervention strategy to a 
particular set of behaviours. 
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Model Benefits: 

Not easy watching all customers all the time 



April 4, 2014  

Model Benefits: 
– Assists in directing internal resources where they are 

likely to do the most good  

– Replaces poor predictors (e.g., expenditure and 
frequency for risk)  

– Tool for customer care CSR/RG and player management  

– Supports regulatory compliance 

– Produce performance metrics for stakeholders 

– Provides evaluative framework for assessing impact of 
marketing & RG for customer risk 

– Increases life time value of customers (prevention versus 
exclusions/treatment models) 

– Reduces liability 

– Has practical value for marketing applications 
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Model Limitations: 
– Resource intensive to develop and test models 

– Not all those in a particular target group can be 
identified 

• Not all players exhibit a distinctive playing pattern 

• Not all players will be exposed to key indicators 

• May be insufficient player data for modeling (limited card use) 

– Models have a limited shelf life and need to be updated 
periodically to continue to reflect current market 
conditions 

– Lack of information for assessing liability and risk  

• Concerns about false positive/false negative identification 
rates 

– Uncertainty about how the information will be used 
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Focal National Research Council Project (NRC-IRAP) 

• Initial funding to reduce risk in pursuing 
second stage of system development 

• Industry collaboration in three countries and 
with variety of casino operations and wide 
area machine networks 

• Project initiated November 2013 to start 
variable creation process (completion date 
Feb 28, 2014 

• Phase 2 – March 1, 2014 to August 2014  
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Method 

1. Compared variables and data dictionaries across 
jurisdictions 

2. Compared models and behavioral indicators and 
cue sets 

3. Identified common and diverse predictor variables 
and potential for creating proxy variables in each of 
the datasets 

4. Adapted and applied models created in various 
markets  

5. Assessed risk profiles and model performance 
outputs 
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Challenges 

Based on what we have learned…. 

• Different data systems and platforms 

• Different distributions (playing patterns) 

• Different games 

• Dynamic (high rates of change) 

– All have introduced system changes 

• Potential resistance from gaming system 
suppliers in providing data 
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Example of Creation of Universal Risk 
Variables :  

Evidence-base (playing patterns using 
behavioral analysis): 

• The time players start gambling varies 
by risk profile (low-risk versus high-risk 
players. 

Operational Definition: 

• Percent of plays started between 10am-
2pm 
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• Casino A    Casino B 

 

 

 

 

 
 min 0.00%    min 0.00% 
 1st quartile 7.14%    1st quartile 8.70% 

 min         0.00%   min          0.00% 
 1st quartile      7.14%   1st quartile       8.70% 
 median       19.14%   median        35.71% 
 3rd quartile    42.10%   3rd quartile     76.39% 
 max     100.00%   max      100.00% 

Comparison Between Different Casinos 
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Comparing Apples… 

• To identify a similar proportion of players who 
have higher probability of starting playing 
during this time frame, the cut-off values must 
be adjusted across different casinos. 
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• Casino A    Casino B 

 

 

 

 

 
 min 0.00%    min 0.00% 
 1st quartile 7.14%    1st quartile 8.70% 

 min         0.00%   min          0.00% 
 1st quartile      7.14%   1st quartile       8.70% 
 median       19.14%   median        35.71% 
 3rd quartile    42.10%   3rd quartile     76.39% 
 max     100.00%   max      100.00% 

Adjusting Thresholds 

85% value: 0.5788 
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Conclusions from Pilot 

• The modeling process must be able to account for 
unique market characteristics 

– Threshold adjustments 

– Variable selection 

• A wide array of variables can be included to capture 
variance in data and differences in granularity 

• Preliminary results suggest process identified can 
produce a set universal predictor variables that can 
then be customized for each market 
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Next Steps… 

• How do we use this information to reduce risk 
for players and operators? 

• And how do we move from harm 
identification to prevention? 

– Gold standard for detecting pre-harm risk 
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Measurement Issues 

For detecting high-probability of ‘Harm’ there 
are a number of instruments and tools  

Applications: 

• Player Self-Identification (self-assessment) 

• Host Identification & Referral (RG) 

• Responsible Marketing (CSR - Not targeting 
high-risk players)  

• RG Evaluation and Compliance (Testing and 
proving) 
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Prevention Application 
Need an independent risk measure 
(identification of risk before harms occur) 

FLAGS (Focal Adult Gambling Screen) 

• Flags-EGM 

• Flags-General 

FYGRS (Focal Youth Gambling Screen) 

 10 years in development  

 Tested in Australia and Nova Scotia  

OPGRC & Ontario Ministry of Health and Long-term 
Care 
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Thank you 

Tracy Schrans  

email: tschrans@focalresearch.com 

7071 Bayers Road Suite 326 Starlite Gallery 

Halifax, Nova Scotia, Canada B3L 2C2  

Phone (902) 454-8856 Fax (902) 455-0109 

FOCAL RESEARCH CONSULTANTS LTD. 
Turning Information into Insight 
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Focal Gambling Report Links 
 Final Report of the Video Lottery Self Exclusion Program Process Test  

 http://www.novascotia.ca/hpp/publications/NS_VLSEP_Final_Report_Jan_11.pdf 

 2008 Nova Scotia Adolescent Gambling Exploratory Research  

 http://www.novascotia.ca/hpp/publications/2008_Adolescent_Gambling_Report.pdf 

 2007 Adult Gambling Prevalence Study 

 http://www.novascotia.ca/hpp/publications/Adult_Gambling_Report.pdf 

 http://www.novascotia.ca/hpp/publications/Yellow_Flag_Report.pdf 

 2003 Nova Scotia Gambling Prevalence Study 

 http://www.novascotia.ca/hpp/publications/2003Gambling_Prevalence_Study_Report.pdf 

 2003 Nova Scotia Gambling Prevalence Study – Highlights 

 http://www.novascotia.ca/hpp/publications/2003Gambling_Prevalence_Study_Highlights.pdf 

 The 1997/98 Nova Scotia Video Lottery Players' Survey 

 http://www.novascotia.ca/hpp/publications/VL_players_survey_9798.pdf 

 1997/98 Nova Scotia Video Lottery Players' Survey - Highlights Report  

 http://www.novascotia.ca/hpp/publications/highlites.pdf 

 The 2000 Regular VL Players Follow Up 

 http://www.novascotia.ca/hpp/publications/VLPlayers_TechnicalReport.pdf 

http://www.gov.ns.ca/hpp/publications/NS_VLSEP_Final_Report_Jan_11.pdf
http://www.gov.ns.ca/hpp/publications/2008_Adolescent_Gambling_Report.pdf
http://www.gov.ns.ca/hpp/publications/Adult_Gambling_Report.pdf
http://www.gov.ns.ca/hpp/publications/Adult_Gambling_Report.pdf
http://www.gov.ns.ca/hpp/publications/Adult_Gambling_Report.pdf
http://www.novascotia.ca/hpp/publications/Adult_Gambling_Report.pdf
http://www.gov.ns.ca/hpp/publications/2003Gambling_Prevalence_Study_Report.pdf
http://www.gov.ns.ca/hpp/publications/2003Gambling_Prevalence_Study_Report.pdf
http://www.gov.ns.ca/hpp/publications/2003Gambling_Prevalence_Study_Highlights.pdf
http://www.gov.ns.ca/hpp/publications/2003Gambling_Prevalence_Study_Highlights.pdf
http://www.gov.ns.ca/hpp/publications/2003Gambling_Prevalence_Study_Highlights.pdf
http://www.gov.ns.ca/hpp/publications/2003Gambling_Prevalence_Study_Highlights.pdf
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